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Abstract

Background: In the last decade, social media has emerged as a newer platform for knowledge dissemination, information
exchange, and interpersonal communication for health care professionals (HCPs). However, the underlying behaviors of HCPs
and the ethical use of social media for productivity enhancement and a sustainable health care system remain ambiguous.

Objective: This study seeks to understand the factors that relate to the frequency use of social media in the health care discipline.
It also aims to explore the underlying online behaviors of HCPs, which include the exchange of medical information with peers,
interpersonal communication, and productivity enhancement in their daily practice.

Methods: This study adopted the quantitative method in collecting and analyzing data. A survey instrument based on the
behavioral and technology acceptance theories was developed for this purpose. The survey was distributed via social media
platforms to 973 participants that included physicians, pharmacists, and allied HCPs working in the United Arab Emirates. The
responses from 203 completed questionnaires (response rate 20.3%) were analyzed.

Results: Of 203 respondents, 133 HCPs used WhatsApp (65.5%); therefore, WhatsApp had the highest number of users
compared to Facebook and YouTube, with 101 users out of 203 (49.7%). Overall, 109 of 203 (53.6%) HCPs used social media
platforms for the exchange of peer medical information and 108 of 203 (53.2%) used social media several times during the day
to improve their interpersonal communication with colleagues. However, only 71 of 203 (34.9%) utilized social media to
enhance their productivity in general. The structural model equation showed that behavioral intention (beta=.47; P<.001), habit
(beta=.26; P=.001), attitude (beta=.20; P=.002), and perceived usefulness (beta=.12; P=.09) were positively and significantly
related to frequency of use. The model explained a rate of 45% variance in the frequency of use and a rate of 17% variance in the
social media intention of use.

Conclusions: The research highlights the significant factors that relate to the adoption of social media platforms in health care
practice. Based on the findings of this study, the use of online platforms facilitates the exchange of medical information among
peers and enhances the share of experiences that support HCPâ€™s learning and development. Moreover, social media platforms
foster a higher level of communication among practitioners and might improve daily productivity. Future researchers might
explore other variables such as training and external factors. For instance, they may draw on areas related to guidelines and
policies. From this standpoint, the health care discipline can benefit from highly interactive platforms and adopt them for
development, collaboration, and better health outcomes.
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Original Paper

The Underlying Factors and Behaviors of Social Media Users and
Uses Adoption in Healthcare Practice

Abstract

Background:  In  the  last  decade,  social  media  platforms  have  emerged  as  a  newer  medium of
knowledge dissemination,  information exchange, and interpersonal communication for healthcare
professionals.  However, the underlying behaviors and the ethical uses for productivity enhancement
and sustainable healthcare system remain ambiguous.
Objective: This study seeks  to understand the factors that relate to the frequency usage of social
media  in  the  healthcare  discipline.   It  also  aims  to  explore  the  underlying  online  behaviors  of
healthcare  professionals  which  range  from  the  exchange  of  medical  information  with  peers,
interpersonal communication to productivity enhancement in their daily practice.  
Methods: The study adopts the quantitative method in collecting and analyzing data.   A survey
instrument was developed for this purpose and is based on the behavioral and technology acceptance
theories.  The  survey  was  distributed  via  social  media  platforms  to  973  subjects  that  include
physicians, pharmacists, and allied healthcare professionals working in the United Arab Emirates.
The responses from 203 completed questionnaires (response rate 20.3%) were analyzed. 
Results: The findings  reveal  that  out  of  the  203 respondents,  133 use  WhatsApp (66%).   This
indicates that WhatsApp has the highest number of users compared to Facebook and YouTube, with
101 users out of 203 (50%).  Overall, 109 out of 203 (54%) healthcare professionals use  social
media platforms for the exchange of peer medical information and 108 out of 203 (53%) use social
media several times during the day to improve their interpersonal communication with colleagues.
However, only 71 out of 203 (35%) utilize these mediums to enhance their productivity in general.
The  structural  model  equation  shows  that  the  behavioral  intention  (beta=.47;  p<.05),  the  habit
(beta=.26; p=.001), the attitude (beta=.20; p=.002), and the perceived usefulness (beta=.12; p=.095)
are positively and significantly related to the frequency of usage.  The model explains a rate of 45%
variance in the frequency of usage and a rate of 17% variance in the social media intention of use.
Conclusions:  The research highlights  the significant  factors that relate to  the adoption of social
media  platforms  in  healthcare  practice.  Based  on  the  findings  of  this  study,  the  use  of  online
platforms facilitates the exchange of medical information among peers and enhances the share of
experiences  that  support  healthcare  professionals’ learning  and  development.   Moreover,  social
media platforms foster  a higher level  of communication among practitioners and might  improve
daily productivity.  Future researchers might explore other variables such as training and external
factors.   For  instance,  they may draw upon areas  related  to  guidelines  and policies.   From this
standpoint, the healthcare discipline can benefit from highly interactive platforms and adopt them for
development, collaboration, and better health outcomes.
Keywords 
Social media; healthcare professionals and social media; integrated behavioral model; technology
acceptance theories
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Introduction

Overview
With the advent of the Internet, the healthcare sector, like any other disciplines, has dramatically
improved  in  terms  of  the  speed  of  information  exchange  and  the  introduction  of  newer
communication mediums.  In fact, this advance in technology supports practitioners in developing
better  skills  in  order  to  yield  better  health  outcomes  and  inform  behavioral  changes.   The
introduction  of  eHealth  heralds  a  new era  in  developing  advanced  and  innovative  strategies  to
support the decision making process in the healthcare sector. The advance of online technologies will
also support practitioners in collecting, managing, and interacting for a higher quality service.  The
growing use of social media platforms in healthcare disciplines might also inform health behaviors in
real time and support the exchange of information for better clinical outcomes [1].  They also support
health  campaign  programs  and  patient  education  and  provide  an  opportunity  for  information
exchange and expansion of physicians’ network.  However, the poor quality of information, patient
confidentiality,  and legal  issues  have prompted some risks and challenges  that  could impact  the
effective and beneficial integration of online platforms [2].  Social media usage differs in various
healthcare  settings  because  of  the  differences  embedded  in  medical  tasks  and  responsibilities.
Researchers have started to explore the rate of adoption and usability from the point of view of
different stakeholders.  The results indicate that in medical education, the degree of popularity and
awareness is higher in the undergraduate than in the postgraduate circles.  However, the study reveals
an interest in the use of new technologies in the two groups under study [3].  Other researchers have
studied  the  different  healthcare  population  rate  and  usage  of  social  media.   For  instance,  the
pharmacists’ excessive use of social media is for the purpose of expanding the network and keeping
in touch with old friends rather than for the purpose of education or professional development [4].
The findings are not in line with the physician’s behaviors of using social media.  Adopting online
platforms by doctors is rising at a higher rate; however, it is argued that the role of guidelines and
policies  will  act  as  barriers  in  reducing  the  quantity  of  information  posted  or  shared  and  in
questioning patient confidentiality [5].  The new online mediums are changing the communication
behaviors among various stakeholders and increase the exchange of information among healthcare
professionals for an optimal  decision process.   However,  the value of patient privacy should be
respected at the level of highly interactive and open platforms [6].  The main factor that impacts the
intention of professionals to participate in social  media is the creation of virtual communities of
practice.  In fact, there is an enhancement at the level of knowledge sharing among colleagues, yet
the  closeness  of  these  online  groups  confines  knowledge  to  specific  users  and  prevents  the
dissemination  of  information  for  better  performance  and  outcomes  within  a  multi-disciplinary
environment [7].  The use of social  media within a healthcare context is  affected by the ethical
dilemma and privacy concerns that are highly important and could prevent the users from seizing the
opportunity of benefitting from the highly interactive means of communication. The role of research
and  trials  is  significant  in  explaining  the  mechanism of  information  transfer  and  interaction  by
different users [8].  The practitioners in different healthcare structure can benefit from the significant
data  generated  from  the  patients’ interaction.   Moreover,  interpersonal  communication  can  be
improved and evidence-based knowledge can be diffused faster than the traditional channels. The
research  might  explore  the  safe  and  the  cost-effective  use  of  social  media  to  complement  the
evidence-based practice; moreover, the policies and guidelines can support the efficient adoption for
personal development and knowledge update [9].  The identification of the factors that foster the
practical use along with the effective type of platforms represents a gap in knowledge and requires
further research [10].  The preliminary evidence of adopting social media in different healthcare
practices  reveals  divergent  opinions  on  the  benefits,  challenges,  level  of  information  exchange,
communication,  and  productivity  achieved.   The  study  of  users’ characteristics,  behaviors,  and
external factors that relate to usage intention and frequency of use represent the potential to advance
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knowledge on the optimal integration of social media in healthcare practice. Additionally, it supports
the extension of technology and information acceptance theories in the highly sophisticated settings
of healthcare [11].
The primary research question is to understand the relationships between the influential factors and
the  adoption  and usage of  social  media by healthcare professionals.   The  research also  aims to
understand the strength of relationships between the underlying factors and the adoption of social
media by healthcare professionals.  It also seeks to investigate the type and the frequency usage of
platforms by healthcare professionals. 
The present research first attempts to define the theoretical research background.  Next, it discusses,
through the literature review, the relationships between the essential factors, the intention of social
media adoption, and the actual usage.  Then, it presents the proposed conceptual model.  After, it
explains the methodology of defining the survey constructs, items, data collection, pilot study, and
expected results.  Finally, it discusses the limitations and contribution to knowledge, and concludes
with a summary of the main points.
Theoretical Background
The primary goal  of  the research is  to understand the underlying behaviors,  norms,  and control
factors  that  influence the intention and usage  of  social  media by healthcare professionals.   The
research  argues  the  presence  of  considerable  complexities  within  a  regulated  and highly  ethical
discipline.  Therefore, the study of the factors that inhibit or enhance the adoption of online platforms
could  inform future  research  to  explore  the  intervention  strategies  that  support  an  active  usage
designed to improve health outcomes.  The theories of sociology, behavior change, and psychology
are utilized to understand the acceptance of technology and usage in different organizational and
consumer  contexts.  The  Technology  Acceptance  Model  (TAM) illustrated  will  be  adopted  as  a
theoretical background due to the high level of prediction in adopting new technology [12]. The
healthcare discipline is  a highly regulated behavioral discipline that  is  governed by policies  and
guidelines. Therefore, the constructs of the Integrated Behavioral Model (IBM) [13] will support the
model and could inform future research to explore the intervention strategies that support an active
usage  for  improving  health  outcomes.   The  constructs  of  the  TAM  emphasize  the  role  of  the
perceived usefulness and the ease of use as main predictors of user behavior [12].  The TAM is
identified as a theoretical background for the study of the perceived usefulness and ease of use as
significant predictors of using social media technologies by two specialties of physicians in sharing
and receiving information [14].  The TAM and the behavioral theories of reasoned actions (TRA)
[15] and planned behaviors (TPB) [16] are employed as the theoretical background to study the
acceptance of the PDA by healthcare professionals for the practical tasks achievements and easy
access to medical records [17].  The research investigates the crucial factors that relate to the user’s
behavioral intention. The professional image of practitioners within their social network influences
their intention to use new technologies in the belief that a new system might enhance their image and
social  status.   Therefore,  the  image of  professionals  is  integrated  into  the research  model  as  an
important  factor  in the prestigious healthcare discipline.   The acceptance of a web 2.0 tools  for
information  sharing  and  interaction  between  nurses  underlies  the  correlation  between  the
independent variables of the behavior theories and the adoption of new technologies [18].
Research Model and Hypothesis Development
Healthcare  professionals  (HCPs)  face  daily  challenges  and  issues  that  entail  a  high  level  of
communication and information exchange among colleagues; hence,  the decision-making process
will  be enhanced and will  yield useful health outcomes and contribute to delivering outstanding
performance.   Public  health  professionals  share  a  positive  attitude  toward  the  usage  of  online
mediums  for  informing  health  change  behaviors  [19].  The  HCPs  communicate  continuously  to
improve the performance of their daily tasks.  Their use of Twitter has positively impacted their
productivity and professional development. In fact, social media platforms are positively perceived
for being an effective communication tool involving different stakeholders and for promoting further
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education and professional gain [20].  The dissemination of information and the update of knowledge
are essential predictors of the practitioners’ daily performance; therefore, social media enhances the
processes involved in decision making.  For example, dentists exhibit positive attitude toward their
participation in social media platforms such as blogs, podcasts, etc.  They stress the practical role of
online channels in sharing clinical outcomes and other relevant information such as treatment options
that enhance the participants’ practical knowledge [21].  Healthcare professionals can analyze the
content of the discussions and identify the best solution for health outcome.  This understanding will
support the decision process and enhance the patient awareness about the changes required [22].  The
social media strategy of using different online tools and platforms such as blogs and tweets support
the evidence-based dissemination of child and youth diagnosis and treatment options.  Therefore, the
information exchange and the organized communication strategy support healthcare professionals’
personal  development  and productivity  [23].   The  attitude  toward social  media  benefits  and the
perceived outcomes are important predictors of the HCPs usage of social media platforms [24, 14].
Hypothesis 1 (H1) states that attitude will positively relate to the frequency of social media usage.
Hypothesis 2 (H2) states that the perceived usefulness will positively relate to the frequency of social
media usage.
Social  media open up an opportunity for practitioners to interact,  share,  and develop knowledge
through communication.   Nevertheless,  accessibility  of  such platforms reinforces  the spread and
transfer of knowledge [25].  The role of friendly user platforms which support timely response, easy
access,  and  navigation  enhance  the  HCPs  knowledge  exchange.   In  addition,  communication
supports a faster achievement of tasks [26].  The easy access to social media mediums is considered
a facilitator for HCPs intention of use [8, 24, 14].  Hypothesis 3 (H3) states that ease of use will
positively relate to the behavioral intention of social media usage. Hypothesis 4 (H4) states that the
ease of use will positively relate to the perceived usefulness.
The use of social media in healthcare practice might be useful for medical information exchange and
interpersonal  communication  with  peers.   However,  confidentiality  within  a  highly-  controlled
discipline raises many questions as to the efficient use of social  media without undermining the
HCPs professional  status.   The privacy control to  protect  the personal  information of healthcare
professionals  could  alter  the  professional  relationships  with  the  patients  and  the  effective
communication of their health behavior messages [26].  Healthcare professionals and students are
open to integrating social media in the strategies of teaching content; however, the legal concern and
the technical issue remain the major challenges for the users and non-users of online platforms [27].
The eHealth platforms are effective in addressing the patient’s problems; however, the privacy of
intervention,  reliability,  and  security  are  the  main  inhibitors  of  the  daily  usage  [28].   Social
networking sites are useful for public health campaigns, but the management of privacy and personal
data remains a significant concern for the practitioners [29].  The level of privacy challenges, ethical
concerns, and easy access to platforms are the essential concerns of the HCPs intention of using
social media [8, 18]. Hypothesis 5 (H5) states that the perceived control will positively relate to the
behavioral intention of social media usage. Hypothesis 6 (H6) states that the perceived control will
positively relate to ease of use.
Collaboration  between  colleagues,  departments,  and  other  stakeholders  is  fundamental  to  the
achievement of health outcomes.  The social status and the relational identity affect the community
peers’ reinforced or varied use of social  media [30].   The majority of pharmacy teachers joined
Facebook online platform on the request of their friends or family members. They expressed their
need to be socially connected with others [31].  Doctor-patient interaction on social media platforms
strongly affects knowledge, efficacy, and any perceived outcomes [32].  Experts and key opinion
leaders  are  well  respected  in  the  healthcare  communities;  moreover,  they  are  the  source  of
knowledge and act as advisers for juniors, residents, and newly graduated HCPs.  The participation
of qualified HCPs in online forums evokes a higher engagement rate by the practitioners [33].  The
interactions between HCPs evoke factual knowledge for higher productivity.  Also, the presence of
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experts and key opinion leaders facilitate higher participation rate [34].  Hypothesis 7 (H7) states that
the  perceived  norms  will  positively  relate  to  the  behavioral  intention  of  social  media  usage.
Hypothesis 8 (H8) states that the image will positively relate to the behavioral intention of social
media  usage.   Hypothesis  9  (H9)  states  that  the  image  will  positively  relate  to  the  perceived
usefulness.  Hypothesis 10 (H10) states that the perceived norms will positively relate to the image.
Environment constraints can inhibit the actual behavior despite the presence of the intention [13].
The legal policies are emphasized as a critical factor in sharing clinical images and content on social
media channels by healthcare students [35, 27].  The perceived usefulness and the social interaction
are the primary motivators for HCPs to join the virtual community of practice; however, the time
limit is regarded as a barrier against use [36].  Hypothesis 11 (H11) states that the environmental
constraints will negatively relate to the behavioral intention of social media usage.
HCPs are using social media in their private life; whereas, using it in the workplace is related to
many factors that could facilitate or inhibit such behavior. The activities of HCPs communities on
social media platform Twitter reveals the differences between the group’s followers and the habits of
engagement  through  the  retweet  metric  [37].   The  previous  positive  experiences  will  support  a
repetitive behavior which explains that it is becoming a habit [38, 13, 14].  Hypothesis 12 (H12)
states that the habit will positively relate to the frequency of social media usage.
The theory of reasoned actions, the theory of planned behaviors, and the technology acceptance
theories explain that the best predictor of behaviors change or the adoption of innovations is the
intention toward the action [12, 15, 16, 38].  The impact of behavioral intention of use is tested
empirically in different organizations and individual settings.  Hypothesis 13 (H13) states that the
behavioral  intention  will  positively  relate  to  the  frequency  of  social  media  usage.  Figure  1
demonstrates the proposed research model.
Figure 1. Research Model

Methods

Measurement

Prior  to  designing  the  questionnaire,  the  researcher  discusses  the  constructs  of  the  proposed
conceptual model with ten experts in the field.  During the elicitation phase [13], the respondents
consisted of one dermatologist, one plastic surgeon, one dentist, one nurse, four pharmacists, one
health insurance specialist, and one member from a hospital administration. The choice of different
specialties during the designing of the questionnaire was based on the researcher’s knowledge of the
various  tasks  and  responsibilities  within  the  healthcare  context.   Therefore,  the  opinions  of  the
different  stakeholders  support  a  holistic  understanding  of  the  social  media  usage  in  healthcare
practice.
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The research model and expert validation inform the development of the study survey questions. The
items  and  scales  were  adapted  from  previous  researchers  (see  Multimedia  Appendix  1).  The
questions of the attitude toward the usage of social media were measured using the 10-point semantic
scale and adapted from McGowan et al [14].  The perceived usefulness, the ease of use, and the
environmental constraints were adapted from Venkatesh et al [38].  Moreover, it was assessed using a
7-point scale ranging from ‘strongly agree’ to ‘strongly disagree’.  The perceived norms, the image,
and  the  perceived  control  were  adapted  from Yi  et  al  [17]  and  measured  as  per  the  previous
constructs scale. The questions of the intention of use and the frequency of the usage were adapted
from McGowan et al [14] and measured using a scale from ‘not aware’ to ‘current user’ and ‘never to
many times daily’.
The questionnaire includes fourteen sections. The first section introduces the survey and consists of
the consent form. The second section highlights the demographics of the participants including the
age, gender, specialty, years of experience, and organization type.  The other parts highlight the ten
variables of the research model.  Experts were consulted as to the clarity of questions and appropriate
time for completing the survey.

Data Collection

The three stratified target population in the study are physicians, pharmacists, and allied employees,
working in any healthcare discipline located in the United Arab Emirates.  The survey link was first
sent via a LinkedIn account to the pharmacists’ population which consists of 518 participants.  Next,
the survey was administered to the WhatsApp group which consists of 220 endo-dentists and 235
medical doctors along with allied employees working in the United Arab Emirates.   The survey
generated 211 responses, with 8 incomplete surveys or missing data.  The number of completed
questionnaires is 203, representing a response rate of 20.3% of the total survey views on social media
platforms of WhatsApp and LinkedIn.

Data Analysis

The Stata 13.0 software version was employed in the data analysis to address the research questions.
The construct, convergent, discriminant validity, and the reliability of the questionnaire items were
measured and explained.  The confirmatory factor analysis emphasizes the model fit.  The structural
equation model explains the relationships between the research model constructs.

Results

Sample Characteristics and descriptive statistics

The Sample characteristics are shown in Table 1.
Table 1. Sample characteristics (n=203).
Variable and category Frequency, n(%)
Age in years

Less than 25 35(17.2)
25-35 90(44.3)
36-45 55(27.1)
46-55 17(8.4)
56-65 5(2.5)
66-75 1(0.5)

Gender
Male 73(36)
Female 130(64)
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Type of organization
Private 147(72.4)
Public 56(27.6)

Specialties
Physician 101(49.8)
Pharmacist 35(17.2)
Allied 67(33)

145 of 203 (71%) of the respondents fall between the age of 25 and 45.  130 of 203 (64%) are female
HCPs.  The highest percentage works in private sector, with 147 of 203 (72.4%).  Moreover, the
sample includes 101 of 203 (49.8%) physicians, 35 of 203 (17.2%) pharmacists, and 67 of 203 (33%)
allied  healthcare  providers.   The  social  media  platform  that  has  the  highest  current  users  is
WhatsApp, with 133 of 203 (66%), followed by Facebook and YouTube, with 101 of 203 (50%).
109 of 203 (54%) of HCPs use social media platforms for the exchange of medical information with
their peers (Figure 2) and 108 of 203 (53%) use them several times on a daily basis to improve their
interpersonal communication with their colleagues (Figure 3).  71 of 203 respondents (35%) use
these platforms to improve their overall productivity (figure 4). The respondents’ area of expertise
correlates  significantly  with  the  frequency  of  usage  (beta=  .91,  P =  .016).   50  of  101  (50%)
physicians, 15 of 35 (43%) pharmacists, 43 of 67 (64%) allied employees use social media platforms
for the exchange of medical knowledge with their peers.  47 of 101 (47%) physicians, 15 of 35
(43%) pharmacists, 47 of 67 (70%) allied employees use social media platforms to improve their
interpersonal communication with their peers. 31 of 101 (31%) of physicians, 13 of 35 (37%) of
pharmacists, 27 of 67 (40%) allied employees use social media to enhance productivity in general.
Figure 2. The HCPs frequency of using social media for the exchange of medical knowledge with
peers

Figure  3.  The  HCPs  frequency  of  using  social  media  for  improving  their  interpersonal
communication with peers
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Figure 4. The HCPs frequency of using social media for increasing their overall productivity

Common Method Bias

The data was collected using the same questionnaire during the same period; therefore, the existence
of common method bias was tested using Harman’s single factor test which could inflate or deflate
the estimates between the latent constructs [39].   The common method bias exists if only one factor
explains  50% of  the  variance  among  the  measures  during  the  exploratory  factor  analysis  with
unrotated factor solutions [40].  In the study, the variance explained by the single factor is 24.88%,
which is less than 50% cutoff criteria, thus emphasizing the absence of the common method bias.

Measurement Model

Table 2 shows the results of the measurement model.   To evaluate the construct validity and to
confirm that the variable measurements represent what they are supposed to represent, an exploratory
factor analysis  was carried out on the 41 items  [41].   The main purpose is to conclude that the
questions of the survey reflect the constructs of the research model.  Ten factors were extracted along
with the items loaded on their intended constructs.  However, items BI1, BI3, and BI8 were removed,
since their outer standardized loading is lower than .40 [42].  The study proceeds with the reliability
tests for the ten factors included.  The Cronbach’s Alpha for the total items is 0.891; hence, the score
is higher than the recommended .7  [42].  The Cronbach’s Alpha for each factor extracted shows
values higher than .7 (see Table 2).  To assess the convergent validity, the composite reliability (CR)
was calculated and the average variance extracted (AVE). The CR should be greater than .70, and the
AVE should be greater than 0.5 [43, 44].  As shown in Table 2, the values of CR and AVE comply
with this criterion.
Table 2. Cronbach alpha, composite reliability, and average variance extracted.
Construct Cronbach Alpha Composite  reliability

coefficient
(CR)

Average  variance
extracted
(AVE)
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Attitude .87 .90 .60
Perceived usefulness .85 .84 .57
Ease of use .90 .89 .68
Image .90 .85 .66
Perceived norms .80 .74 .50
Perceived control .89 .87 .65
Habit .86 .79 .56
Environmental
Constraints

.72 .83 .63

Behavioral intention .84 .87 .58
Usage frequency .86 .82 .61

The  discriminant  validity  was  evaluated  using  the  Fornell-Larcker  criterion  [44].  The  variance
between the latent variables and its indicators should be higher than the variance explained with the
other latent variables; therefore, the square root of the AVEs should be greater than the correlation
between the constructs  [44].   All  diagonal  square  root  of  AVEs are  greater  than the  correlation
between the constructs represented in the off-diagonal elements (see Table 3).
Table 3. Correlationsa and square root of average variance extractedb

ATc PUd EUe IMf PNg PCh HAi ECj BIk UFl Age Gm Pn OTo

AT .77
PU .12 .75
EU .11 .4 .82
IM .06 .48 .18 .81
PN .1 .55 .21 .57 .70
PC .1 .4 .29 .4 .35 .80
HA .1 .44 .48 .43 .48 .49 .74
EC .01 -.1 -.11 .05 -.07 -.16 .12 .79
BI .09 .2 .35 .01 .17 .13 .25 -.02 .76
UF .22 .33 .38 .19 .29 .35 .39 .09 .48 NA

p

Age -.04 -.03 -.28 .03 .04 -.05 -.18 .00 -.22 -.18 NA
G .12 .02 -.08 .08 .12 .12 -.03 -.05 -.06 -.01 .23 NA
P .08 .08 .13 .00 -.04 -.07 .06 .16 -.09 .17 -.04 -.15 NA
OT .00 -.09 .00 -.3 -.2 -.12 -.04 -.04 -.05 .13 -.26 -.12 .03 NA

aOff-diagonal elements are correlations.
bDiagonal elements are square roots of average variance extracted.
cAttitude.
dPerceived usefulness.
eEase of use.
fImage.
gPerceived norms.
hPerceived control.
iHabit.
jEnvironmental constraints.
kBehavioral intention.
lUsage frequency.
mGender.
nProfession.
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oOrganization type.
pnot applicable, because they are not reflective constructs.

Structural Equation Modeling

In the first stage of the structural equation modeling (SEM), the measurement model was specified
and the goodness of fit  was assessed.   A covariance-based SEM was used to  test  the fit  of the
confirmatory factor analysis (CFA) model to the research data  [45].  The result of the CFA model
analysis for the goodness of fit generates acceptable fit indices [χ2 = 1083.6 (639), p < .01; CFI
= .907; RMSEA = .059].  The second stage was the structural equation analysis.  The indices of the
goodness of fit of the linear model are acceptable [χ2 = 1094.7 (614), p < .01; CFI = .900; RMSEA =
.062].  The study proceeds to path analysis and hypothesis testing.  Table 4 presents a summary of
the  hypothesis  statistical  tests.   Overall,  the  model  explains  45% of  the  variance  in  the  usage
frequency and 17% of the variance in the behavioral intention (see Figure 5). The predictors of the
usage frequency are the perceived usefulness (beta= .12, P = .095), the attitude (beta= .20, P = .002),
the habit (beta= .26, P = .001), and the behavioral intention (beta= .47, P < .05).  The predictors of
the behavioral intention are the ease of use (beta= .32, P < .05), the image (beta= -.27, P = .019), and
the norms (beta= .30, P = .015). To analyze if the ease of use mediates the perceived control on the
behavioral intention, the indirect effect of perceived control on the behavioral intention is tested and
is significant (beta= .09, P = .002), unlike the direct effect (beta= .01, P = .896).  Therefore, it can be
concluded that  the  ease  of  use  mediates  the  relationship  between the  perceived control  and the
behavioral intention.

 Table 4. Summary of findings regarding hypotheses

Hypothesi
s

Content Beta z Results

H1 The attitude will positively relate to the frequency of
social media usage.

.20 3.15a Accepted

H2 The perceived usefulness will positively relate to the
frequency of social media usage.

.12 7.67b Accepted

H3 The ease of use will positively relate to the behavioral
intention of social media usage.

.32 4.42a Accepted

H4 The ease of use will positively relate to the perceived
usefulness.

.37 6.34a Accepted

H5 The  perceived  control  will  positively  relate  to  the
behavioral intention of social media usage.

.01 .13 Not accepted

H6 The perceived control will positively relate to ease of
use.

.32 5.26a Accepted

H7 The  perceived  norms  will  positively  relate  to  the
behavioral intention of social media usage.

.30 2.44a Accepted

H8 The image will positively relate to behavioral intention
of social media usage.

-.27 -2.35a Not accepted

H9 The  image  will  positively  relate  to  the  perceived
usefulness.

.90 9.66a Accepted

H10 The  perceived  norms  will  positively  relate  to  the
image.

.70 13.64a Accepted

H11 The environmental constraints will negatively relate to
the behavioral intention of social media usage.

-.03 -.51 Not accepted
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H12 The  habit  will  positively  relate  to  the  frequency  of
social media usage.

.26 3.36a Accepted

H13 The behavioral  intention  will  positively  relate  to  the
frequency of social media usage.

.47 7.67a Accepted

ap< .05
bp< .1

Figure 5. Structural model results **p< .05; *p< .1; ns: nonsignificant

Discussion

Principal Results

Healthcare professionals are exposed to an overwhelming amount of information that needs to be
managed and applied effectively for tasks achievement.  Social media platforms can foster a higher
level  of  communication  for  knowledge  and  experience  sharing.   The  research  has  explored  the
impact of different factors on social media use by healthcare professionals.  The frequency of usage
was measured through three main dimensions related to medical information exchange with peers,
interpersonal communication, and productivity enhancement.  The results reveal that the most used
platforms are WhatsApp, Facebook, and YouTube.  Previous research in a similar area concludes that
HCPs use Twitter mostly for personal development and exchange of knowledge [46].   The results
show that the frequency of use differs from one specialty to another.  Such variation is explained by
the users’ characteristics, the various tasks, and job responsibilities. The study confirms the role of
attitude, perceived usefulness, habit, and the behavioral intention as the major predictors of HCPs
frequency of social media usage.  The attitude variable was studied in previous research as the main
factor that relates to the physicians’ frequency of social media usage [14].   Moreover, the behavioral
intention is highly related to the frequency of use; hence, the theoretical construct of intention [12,
13, 15, 16] was empirically tested in online settings on HCPs population.  The results of the present
study support the role of habit in predicting the frequency of use, but the role of environmental
constraints as an inhibitor of social media frequency of use cannot be confirmed [13].  This study
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believes that such results may be explained in terms of the HCPs characteristics as being online users
or the absence of policies that regulate the social media usage.  The ease of use positively relates to
the behavioral intention which highlights easy access and navigation through social media platforms
[23, 24]. The norms predict the HCPs intention of using the social media platforms and positively
impact the image of the practitioners.  The results reveal the positive role of social network in the
user level of engagement [47].  Moreover, the social relationships influence the participation of the
HCPs in online web-based platforms for better  daily outcomes [33].  It is hypothesized that the
image of HCPs would impact the behavioral intention of using social media platforms; however, this
hypothesis remains unsupported.  The findings suggest that the image of HCPs relates negatively to
the  intention  of  use.  Confidentiality,  personal  information,  and  the  openness  of  social  media
platforms  might  explain  such a  negative  relationship.   The image highly  predicts  the  perceived
usefulness.  The findings also confirm that HCPs refer to experts or key opinion leaders for better
decision processes and outcomes [34, 48, 49]. The perceived control does not relate significantly to
the  behavioral  intention.   Rather,  it  positively  and significantly  relates  to  the ease of  use.   The
analysis of the indirect relationship between the perceived control and the behavioral intention is
significant; therefore, the study confirms the mediation effect of the ease of use.

Limitations and Future Research

It may be said that the present research is the first to explain variation in the frequency of usage by
different healthcare specialties.  It also confirms the role of behavior and technology acceptance
theories in predicting social media use by HCPs.  However, there are limitations in the research.  One
lies  mainly  in  the  convenient  sample,  which  includes  the  current  HCPs  users  of  social  media
platforms.  The offline practitioners might support the better understanding of the other important
variables  that  might  influence  the  frequency of  use.   The other  is  the  absence  of  public  health
practitioners and researchers whose presence will arguably influence the perceived usefulness of the
platforms usage since previous studies have dealt with cost reduction for recruiting patients through
social media applications [50, 51].  Future researchers might explore other variables such as training,
for example.  Hence, the healthcare discipline can benefit from the highly interactive platforms and
employ it for the purpose of development, collaboration, and better health outcomes.

Conclusion

The knowledge and experiences that healthcare professionals (HCPs) possess are critical for career
development.  The  complexity  of  the  tasks  such  as  the  search  for  medical  information  and
communication with peers require remarkable effort in order to achieve the best daily outcomes. The
knowledge created and shared with colleagues and medical communities enhance performance and
support the effective interventions for behavioral health changes. Social media platforms provide an
opportunity for HCPs to interact, share information, and disseminate knowledge for better decision
making.  The importance of the study lies in medical knowledge and practices shared by healthcare
professionals on social networks with their peers.  This research argues that the efficient use of social
media platforms might significantly reduce the challenges raised within the traditional healthcare
settings.  Furthermore, it will support the practitioners’ career advancement by keeping them current
and well-informed.  This research adopts the theories of behavior changes and technology acceptance
to build a model that can explain the underlying user perceptions and other variables that contribute
to the successful usage of social media platforms by HCPs.  The study model was tested, and the
results confirm a rate of 45% variance in the frequency of usage and 17% variance in the behavioral
intention of using social  media platforms.  The attitude, the perceived usefulness, the behavioral
intention, and the habit significantly impact the usage frequency.  The perceived norms, ease of use,
and  image  have  a  considerable  effect  on  behavioral  intention.   On  this  basis,  the  research  has
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practical implications, and efforts should be expended to create social media platforms that take into
account the HCPs characteristics, concerns, and objectives of use.  
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   AT: Attitude
   AVE: Average variance extracted
   BI: Behavioral intention
   CFA: Confirmatory factor analysis
   CR: Composite reliability coefficient

EC: Environmental constraints
EU: Ease of use
G: Gender
HA: Habit
HCPs: Healthcare professionals

   H1: hypothesis 1 
 H2: hypothesis 2
 H3: hypothesis 3
 H4: hypothesis 4
 H5: hypothesis 5
 H6: hypothesis 6
 H7: hypothesis 7
 H8: hypothesis 8
 H9: hypothesis 9
 H10: hypothesis 10
 H11: hypothesis 11
 H12: hypothesis 12
 H13: hypothesis 13

    OT: Organization type
     P: Profession

PN: Perceived norms
PC: Perceived control

 PU: Perceived usefulness
 SEM: Structural equation modelling
 IBM: Integrated Behavioral Model
 IM: Image
 UF: Usage frequency
 TAM: Technology Acceptance Model
 TRA: Theory of Reasoned Action
 TPB:  Theory of Planned Behavior
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